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23 GOl 1D (puniGy Tree Lol W1 et gt . Crbauuiontt 3aukaie Cilm pLidt 3 99n 99 plilbiadt (i N
Olatlsaalt Jio Oipdise Jadug -Oldbd! alide L2 LAY G0 oelaa¥l Jelailly Jolsal
Gbe dadt 100 ac@y (bt Jrad gall @i SN LA g 5 pxgltg vaosbuudty pad 9udl Jaalitgl
(O ylawt dde Je Jolge HhGe Wl LB jhhelt 108 Jly - J9uh (o kit Golailly (s ylinalt
Akt Bals Oliay B Jol J523%W19 (ad gl Oilalaialt (8 Ursmylinalty

Y93 Hadatls (Podaih ABIaM) gy 258401 e WSkt acs ENGSUB (fiay (,siy

35850 addell acdll HUdS Mg daddl Bl JJlsmy Sbike IS Ge dde Jowaxt! adg
ATy o LSt U6 OIS el ety 9f 5 pile (9Snlginal) ASalgiun S (552N
(ol Co Mg aed 3Gl Lo g, Zgial! 909 ( saud 558 Tgio Sl 128 B
Glodi Juax e slauly Gssalgiuell lgadly S gl Solgiuall Hlaul Jawgie meiell 110
Sty Al SV saw G (yall (Ol sawdl Ggoed ayaliy L 3laM Tulelnt (ralsay

2ol
L6301 5 3cng bl & gl Ol e g3 1(2) 435 Jyr
sadiel) Ol yluae 2adilelt yulid 3y il Layyald dlel) 3952
Pal el Ofpdide
(ot Sidt) o o Al A SIS sz Lo LCO2
(World Bank :World T RETE L
Development Indicators, 2025)
Faladll el Oiydige N e 2y aad g
(¢t ) P slaurty) | B 00 AT el awsie
(World Bank :World Q017 gty | 2R I3 “"L‘:""{(‘MW: rabe
Development Indicators, 2025) i
Al Daaiddt O pdie e
(F9-1 i) Aot 5o %) R i
World Bank Wi (P! SN 3adaxriel! Bl S Mgt RENENG
(World Bank :World (PBLLalt
Development Indicators, 2025)
KOF Swiss Economic Institute . S 0 yliga) (nad gal KOF)-::@‘
(KOF, 2024) index uld a3, bty S3LaBY dadl el GLOB
’ (ot gall oladin ¥y
PRl fed gt (LS ol Laudry) s¥93 Ggulally .
1o 2024 Sla¥l) 5 ’(i T | saa ¥ agiel Gle Bl ess ENGSUB
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Cigtas SO le ubEl T 39e 3uudS Al
ouwilxdg Cross—Sectional Dependence jialadal! SULedl adMaiul jo Gaseidt (Wi
OBLedt L a3 S0 el Ll jsedt (e 4l 01 lad (Slopes homogeneity iixi¥t Cdlelas
Cross— Jualadelt SBLo AdMETwl ade G I et Sl &5 (panel data Jud ghaty
91 Pl 000 Ly -\ jEn Ly (Jilay Fesiduals 31941 ;3 Sectional Dependence (CSD)
lgany ol O LaTBYY chalial Eopom ¢ vyl 3ie St Inknt] i Uneat s i Pnesld v MU aute
(rilEnatt O B (T aLilal) Oleckially (gasm yidialt Ol L Jlad) of -Ldle da )Ty aad
O Tl 596l Delladist (o cjn (Bagiopell il nialadall OligSaally (aamslll Jolgally
SBLed WGl ade 3939 (o Gasel) Uay adglall OLLd! SB3193 2 Tnmladall SLd
S LA SLAS B delud 3f (udslall Oiked! e B naul (riubugald Sslast Jualadal!
OLLed) Al ade ncEs gllad (Sald I AALSNL AL ol Jo¥ Jextl (e S gll
LSl SHLAS Jaadyl Gedal a3 U89 .1gd ol pelt il W1 OLABLLT g Of juoef Jaialadelt
old 3929 sde (HO) Jasa@lt fuud yalt (151,581 ae (ualadall OUL) (dMEul ade 39209 (0
LealaZe falaio! pglal Jlold) (8 5 1 O pmiiiall gosadr OL8¢(3) Joutomtt gL Ladg o citt

-(Pesaran, 2021) %1 g e ndlas) AW po Lged Mol ade g

Jazs Les (ralidealt Joull Pvawmiealt G39¥1 Al (oaladalt OlLedt Oliky Jdxd g
Odlelae OBMIS) jaxd sddeiuy -SIOPES,idi¥ Sdlelas 2 OLLAN dleim Grgmalt (e
2585 sl HLAS Y 128 taliay .(Pesaran and Yamagata, 2008) déluw g1 LAY a3
a5 (Blomquist and Westerlund, Dec. 2013) Jgdt gran ste taoea sadl ol tod¥t Odlolae
Ade Uad Les (h] Golwe e Lolas! 13 P o o 31 (4) Jodatt B Tomdgelt galiidt
. Not homogenous yf e CMelae (yudloxd

Cross-Section Dependence yLisi :(3) o3y Jouto

Null hypothesis: No cross—section dependence (correlation)
Breusch—-Pagan Pesaran scaled Bias—corrected

LM LM scaled LM Pesaran CD
LCO2 3411.767*** 78.36739%** 76.86739%** 30.13215%**
LGDP 3249.516*** 73.79651 *** 72.29651 *** 14.27181***
GLOB 2520.006*** 53.24489*** 51.74489*** 15.42061***
ENGSUB 3469.303*** 79.98830*** 78.48830* ** 51.17174***
RENENG NA NA NA 3.968***
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Slope homogeneity sLcis! :(4) a8y Joubn

HO: slope coefficients are homogenous

Delta p-value
Delta 8.858 0.000
Delta .q;. 12.528 0.000

Jowoall ( b Gl 7 3gadl B Iadaiial) O pdiall (rd glalt SBLA G 9Souw (o Ganidt (Lol
Wooldridge, ) jduy adibas M1 SiHLas M oy 31 ABLSYL A8l el 5ydae Olalre I
950w g1 Bl gl amd ol (€39l (30 ¢ ubiall LB & 3ged) jadET Ja (2013
Al o Lidy dB AN a0 e ¥ Claed Liygmd 108 dang O pmdkell SBLLY Judla
=g (Granger and Newbold, Jul. 1974) Jusalu & 9i 580w pd ndie) Dl Ol ydlie
e 31 Jahadt sl 3o Bamilt Jad ghalt SELed! o o1 yitae S LGS addeia (£t il
it SHLAs i aybiiels CIPS Jud ghatt SBLEAY S oh ys HLCS 1) ALY 43 Lidg
Al aday aall G S glalt SBLed) Wl 8 addiud i) LI Juoett (o Sl
¢ LGDP (LCO2 & pstalt i I (5) Jouta mLG g .(IM et al., 2003) Jakazaelt Lgiliba
{ayalt Al dag PiSalu O pdio 631 g1 19N s sl (30 Talel&nio GLOB ¢ ENGSUB ¢ RENENG
-t Jo¥!

CIPS 3uim s 50 5Ll 2(5) 435 Jouka

level 1% difference 2™ difference
Constant Constant constant Constant constant Constant
&trend &trend &trend

LCO2 -1.648 -2.062 =2.627 *** -2.578* —-3.595%** =3.414%**
LGDP =2.37]*** -2.237 =2.750%** -2.627 * -3.640%** —3.528%**
GLOB -1.925 -2.189 -3.256%** -3.280*** [ -4.596%** —-4.530%**
ENGSUB -1.593 -1.893 =2.569% ** -2.399 —3.492%** -3.419%**
RENENG -0.872 -1.705 =2.424% %= -2.618** -3.602%** -3.660***

%1 (raginn Souuad i *** 9 %S ntgine Souuad s ** 9 %10 (ragine Sgmal sl *
o e Jelsal BMe 3939 (o LSl LB g Limy U L Bgkadett (el ¢ UL
(Al pils Ol piln iy AiEml o At gl 3929 (il 019 (nkedalel! Ol pudilad) (i
SIS Dol Sy O sdiall o Lo Jo 1 Talaglo (hBMal (e 5o (e 601 0000 (9&iy
T 39— Ol piilia (e o W nLyglog oo 1 5y tiad (A BMal| k5 e ptal Ly S pidinalt
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Gaxi daugy Westerlund test jLds le Jawtydt Odedely .(Engle and Granger, 1987
Ol SHLAS 5o day LAY 1089 (O pm@ied! G0 Eoyiie JelEsld A3Me 3939 50
3939 ade o HLAS NI 1AgT Ladall (3 ,all (aig ¢ AL et (o ad glatt DL <o il
.(Westerlund and Edgerton, Dec. 2007) z3gaidly O pmdiiad) (ot S mids Jolsad W3
Goiuue e Sty O pdiall u S yidie JAlES R3S 939 ecir (6) Jouka EILES LAy

Solpagine
oyl ettt Westerlund Lot +(6) o35 Joda
Null Hypothesis: No cointegration
Statistic P-value
Variance ratio 3.3538 0.0004

et (o glalt GULed! 5ddd Ziled le slaie¥! 8 5,3 W Gakaidt Jlaliy
nah sldiiuly 7 hgedt Olalae jaudl (7) Joua zalh Ouedg .Dynamic Panel data models
X |t [PNV-Y (i (PR E S P-FE7) .Generalized Method of Moments jreazad! ag3all

T Agedt paudd mAlh (7) 485 oo

P -value t - statistic u:::f:i‘c)i:r:\t‘a O piiiiadt
0.0000 23.60083 0.419364 LCO2(-1)
0.0000 14.74013 0.263917 LGDP
0.0000 14.78282 0.015752 GLOB
0.0000 6.326706 1.84E-06 ENGSUB
0.0000 -22.78677 -0.021206 RENENG

Arellano —Bond serial correlation test (AR(2))

0.252998 m-statistics
0.8003 P-value
Hansen-J test (AR(2))
33.37470 J-statistic
0.352536 P-value

sl A0 SIS e 3aL) e (GILaTBY gaidl B £ LaSy¥I 31 I ZILEN oy
Bausiall b 35 % gmin GHlaa M lmall ZLI 3o 5801 Conal Tawgio £ Laiyld .09 ,5dl
olxIW ae Gl S5 (32709 -%0.39 Ty 93,50 sl A DL e B 3303 (T
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(i slesls

8 et Urosicd L 3LaTie g i LOWT (WY B 8T iy (5 3LalBY gt (o a3 O (S (SN
b DA B 3aly) Al iy Las Belasall Judbieie Lo of iy P dEd (Bl le
glalyl o (GaLaBYI gall 381,ly Lo 3alad Jlecd! 3aga e ol ALY 43 Geg (gl
J& 3 Jawgde g Laby (o Bt Cuss el (e (rdibe taid JEndy Les (rBLkallg 351 gelt 2 giul
(£10aTg alieh gallg ALl (Je 3yl galt Sle cdlalt 3350 43 o9 gL cdlall aLa) 3 al
GLaTBY gl i) 5 Gl TraeCd) 0200 GuuSg -nieedll 5980159 3y gatt 813 Ciul 2Bl Lase

.(Gu et al., 2024; Sharif et al., 2024) fGaludt Ol )l (S dod) Siplii Lo ae

J9Mr ralylll EALD puly (! B39 ole »OLN B age sudlie (rnalgall Caly
(5925 sl A OIS ase asem9 Tnad 9all (it Ui gad! ABMal! (31 7 39l (5B Uiiaiial
JolEaliy 7 LeciW1 33035 A G (raidilly Sty iced! 392 (Ao Tnatgall it 31 () oy Lo
Olygiuneg A3l S lghiul adlism Ity Salal@Y) bLLEA B asad M3 ((halgall) ellall
ABLON L 108 LJaygas M1 Bl e o 3ie slada ¥ Gles 13) &) ot bl ¥ Sie Olhlad
TLOY! Ol ol gy Byglatie OLUES Gl slele ¥l I COla ¥ (o reliuall ol (ol ()
rygas Y Pdlal Mgt Oligiue (o JLaTy nBlal Selasa Guad O LD (o Ay adaid
! B39 le Tnat galt bt A Gl Ol sl aay A Clia g Lo o e o200 JLaTg
.(Song et al., 2022; Rao et al., 2023; Li and Zhang, 2025)

(A1 3392 (o 0,515 Coms i 33 nsa sl (a3 (ST 19 ABLIATY o3 poidiad yaiimy Loy
(et Bagar (Ao T dEi JBUal aedd nblas W vy giaedt Sifdg bt W1 ZALEN Go el
sl A O s 83505 I dawgihall 8 (S35 %13 (hBlal acs g Laly (Lo Zalids (Gagd
Olwlycldt Zalh At Ll Lo e Gle axCll ol Bludl doxd Ly -%0.02 Jowwie (99,
iy 430 11 B5LEN 5uoed B Jaeed! 339 (le ity oGl (RBlal ae s A1 oLy Gl
0o relt S lglul 3oy (axally 5Lally Jorid!) Daabddi JBlal Halaed aed A i oo
A g (A0S (Leluall § Uil juolshg (Al @Y Ololladll Calides B udldl 3yl gel 0l
sllagl B Eals agu Lol ABlal 5elasn BUEl AN L o 1Sl ol il le slele ¥ gaxd
Azliadt ABUatLy (a3 ylae (aakl pe Woskawl J155 % 01 3adaiel! dlal ol il goxd Jooitt ddas
Wang et al., 2016; Monasterolo and Raberto, 2019; Ibrahiem et ) sadxis 1l y3lae (o
.(al., 2024

ST B (el Baga Gl Al Lodl Gty Badoielt (RBlal 1AL Glaly Ledy

OLe ez (abs Lle ABlall iled) o giu 58 3auilel! Bl Jredlus & Ladyl ,30 Zilids

Ao iy %1 oy Badaxiialt BN Jradbus & Laliyl G ZALEDY (30 (mells 3 (92 55! dwusal A0
2%0.01 goicy 99 55ad! dusal AL DIHE sz (Sladdl Jawgriel! 2
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AL (ol 5Ol i el Ciold U Oty LD ae (i) Sl Galliy

Bl S Mg b B0 3929 (1 Cibio 939 ¢ ) 5352 (6 ghuan (o BRI il 9 33 kLol

Loloeyl 33mel! A3l EoMgiul 5353 Laio ((Cho et al., 2014) Jicedt 339 e Taddad
.(Jebli et al., 2016; El-Aasar and Hanafy, 2018) jxeedi 3392 Sle

P-value Jreid 3 Guetig Arellano —Bond HLcis (7) Jguams taxd galt ZILN el Lesa

e 4525 Les (B Dyl (e laalaad (313 Jol Gy 39209 adke (1 sosdied Law %0.05 o pusal
(Hansen—J JLIs sl (I ABLOWL 108 .7 3gadt 5addS B Dneddeiluedt agralt 398 fo o
ddg B (instruments) Fueluedt O pdied! G e edall (3,0l (aiy LGS 16T B9
B Bielual! Ol jdiiad! ia Lo 909 pedal! (S ,al) (A3) ade ) ZILE
wells .6

A3l W (OnoeeLalia W19 T abalBY Jrcadlll Badoed L8 Lowlu (ygome BN ¢ Uad Yooy
Loty Lo dad S (g5l bl S5e OB aY &) siael) Suadt Ofs G e
g lkads Lolaid) 2030 Jnrellalt Jnolliiuuall Jpaiill (s Cdol Sadd ¢ B -JaiseLiadt Ol pmdlilt
AT sdne slauby AU a7 Dnelliual! Turelllt B1UR1 (1 k) UGl (alS G ((ABLLlY
Busial! 4o Ju@lall Ge iy o Liadt Ol @il ol nd Uliedt SLALIYY Ciadl Lass
MLl Ll Mlele¥W! (bl Glali Suude 1AM (uyly BLaSL 159009 F Liadt sdd Glda Daslla¥
OLALTY Sl Cim ga J9dt Slol Y (G Goeiy .55 0ell ABUAT goed olaxd™I Lyl 359 Tany gl N
Lol (a8 T lalin W1y aslalBY) Jleell)) Sadoiel! AUl (141 (Wl9s 179 Saus Jdd
(2019 ((19==ouw)

LB BN (e (31 950 (BB (5B Tnage it lEmdi U BT BN e Jhadg
eIl 31 Eoew Lebarid) Judloelt a3l Cd gl Guw Lo e sl (Paind) el iy Tass Lo 19
(YL PRPPG) (=N L PURT- P Ty WM WL Ju R PP JEV-T Ry 01 (- XY C S Py MW WL i o TN PP |
Vaka 1 3yt M (W93 30) Uaaddilld UaBlall Lecd Aol A0 Joull Undglo OLILd uls®
TG iy ABUAL! S gl AL 511 (e SILE Jaon L5 (589 5 it 0208 ackoed 239¢2022-2010
Olegsandt e Sl 10 Jeed 539 e (nalgally ($LaiBY ) gaild ubdt 51 3 Drt sl
DUl A Clubuat) 2o lgios! 90 339 i ¢ el Talas Bl I Olubwudt audg e (3lei e
33a0 IS e I Gbsel (Soag - A liue pdsi ged Gudsel LBgy Eallg ((6aLalBY gai
TNSY (358 IS (e ety TnBLatt Je (aretlal) odind!) Olubud! po 32193 npnwall sl ¥l
O (N el gt 53380 (£ 35w e Baxiall BN slaliety DG Gli (el o &
Byl el of 7 Meo! Oibubuadt ot gb i s 1D (B .7 Liall Foul Jagait) it g JLCY
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(i slesls

el SIiS Jvldliwel! Olwleally sl maded! OLOGW ralgall aed Gledd sLeilluiy
At odually GBI gl o G319 Gudsed e labl Jresmgeett O gl Oluwiall
35bew a3al 11 ABLSWL heed! Gadall pdleall ¥ sleiiu¥) aueedl IS (e udend!
SLAN A1) e Olatleal! ol Olyglally nceed! 7ololl askalt Godaidt Slad IS Ge Gg3lals
Wt e Tunlamal HOT 9l Gelall agudy 5 (a9 e 311 SN le (suailly Siglitly
399l A dai L of ghsalid (JA3g OilaGWl (aas aysliie 8 sdleal! i W1 laiiu¥1 IS (o
Olunwdol! (uoed! B (voyd iyl Tnaliily Uatellall Sluwiall (1 Jowglt Fhag (S13 e

OB ¢ Ly Tabomal!

Oliladl (aas B adxiel! ABlall Joulxa¥! hedluedt Jrulyddt ZILD o el Sallsa
2eedil OlagSactl (e e Sall o9 (B need) 3352 (rund 43 (309 (9955l dowusal AL
EESN (R\PLw % (PR S PENPURY- Jul PP (PR P WP I g TN E e (ot [N [ YT Y PR
ALl Judlewl 1 Oligeaad! e halaal) ra@l npsd paas (fie) ¢ UGl 108 L8 il
oamadiy (3adaie jilae e il ygSalt ABLal JiAl Jududhl Aagsal Jadoeiy (33l
-(Badaxielt ABlal Cile g die (alBY (sl

53l B Akl axlD et 590 3aLy) LB Bl acd 393 ZILLH Cijpai iy
dutalf oloedl dad SRS el Basa e ity K05 Les (92,5001 sl I D3I e
I Bl as (A gl £ AN goed -Ungrsalt Tadlatel J93 Lgkag - J9ull (e

oaas gl g lATLy Cuald L1 J9aldt ylaed S gLl it Orbaat 5l fg Pt 9ot 5y LaSLY Lo Ddeiual g
SaalaidY! BIAaY Gdal Al Oluwogil! Cdedd L deed Jodddi Bl acs
1oyl (BLaSY LGBy Jucilo ol Lgiledlunes Lel 31 Trioedt Unel Ll (1 (ABLO YL rseLaia W9

@axiy (mle aay MBIl fegkiie 7 Mo! (o] g Lad J9edidly ol (s a9 e Jaall .1
il 048 (el (g -nee Lalia W19 I aLalBY Ca1 A% 19 BN (ol (ot (31950 Il B
Oleeldly cilg Wl e o Gf Bleire go Ja¥1 iglog (awgieg 5yuad Loiual
(639 Sy Lyl ) 5 ydalt Ol Do

il il g pilie JSatiy ;UG B guw Mg Y50 Bagidomeg § sl OLGN Jolass pmeldl BT .2
Gle¥ Olad el o2 ausdd) (Soey Jlomell 110 8 DBl s slilly paas sl (e
Ol oty Sl domtiast g9f - LB gt OLADy iy Jaltly Jradld SOl 13) elain ¥
Copdoniy dadoed rneedl ol (1 108 (e g Taddd Odbigoet (el Sulyda ooledian! Glal
- A2 Al asluadt Ol Caldgiul (o HEmed ) Olikad! dolgd
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Jgai 3a09 aseally adaies Juie Lo W1 Sl tiell Oilawadee 55041) (HSoan St iss
25 AW Lt 3aLy) PnilEmal (N1 DLW LY 148 .COile g plialt sdall LU smially fawgiall
22015 oyl ¢ (Sot9i) J9riald 3yebicradt Jad sadt HUaBY I Jraliie) (olietly slall Suelladh M 2

Oiloxiin slaud 8 edlilio Ol aly) Gadad IS 50 29w Lyl (hBUal ac s (abs goxd Ao gl .3
IS 5 (e 1,81 Sl i Olxiedt (any Lo sedll clas alidead) 3Ll
SN T e 3EY e (S Lgdle deliay U Olxiel! le sedlf kaidly Lo ¥l
TMEES) Akl Olxliel Sl maid ML alied Oial) eyl 9l (3%
(sl peSad S gl

Ol gell Clxly aeddl jads o Jadldl SO Jdoelt Jlxed) oyl addt oy .4
Sl Ao Trad I Jriia 31 3 sl gk (F1 ABLS WLy . lgdans £ adil gf Cilatdedfg aluald Urcadeadt
319w Ly domall Olaelial) owadlilg Sy (3% Sl e S (it Jalesed) pol S
asallalt

Sawgie (usmal (g waad gl &95) 293 e Ol e (9595 AL sl Iudi sledet .5
Slawd B OLAGT Cloxd S (Soen 039-b3 1009 -33uome Bute IS TilGliunaltg ikt slaw )
Bl Jeiallall

Ae ) Az iy pailll Laalizelt lgadly Tndiaet! QoY ABLES e Lty Holdl Jncedi -6
e laia ¥ alese!) Olubwg 7 Mo¥! Ca1daly A9ldl A331ge le dll iy Bl ds gl
ADLGS kil

doad Olelpa) Aadeddl JBlal s (aas Olubw orbay G 3y9pd f SN Hud 7
il Olubaw o8 Luwd)y Gisa) ,lad S Sadxiall Jdlal) 2 sLeiiu¥ aweedd Lo
Bl Leliiuey Laddd fHdae Sadxied! BN JSoid s (gl Of pdidl e
el Belasa O3 L o945 Sl le Jaally (RBlialt S giul iy (el il 11 120
-(Caste, March 2012; World Economic Forum, 2013) j8alt Cilef v 2
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Artificial Intelligence and Board Gender Diversity as Complementary
Drivers of Corporate Sustainability: Evidence from Dynamic Panel Analysis
of ESG Performance in an Emerging Market

Hanene A. Chouchane *

Abstract

This study investigates how Artificial Intelligence (AI) adoption and Board Gender Diversity (BGD) jointly
influence corporate sustainability performance, measuredp through ESG scores. Using a dynamic panel
dataset of 245 Saudi-listed firms over 2015-2022, we employ the System GMM estimator to adIc)iress
persistence in ESG performance, unobserved heterogeneity, and endogeneity concerns. The findings reveal
that both Al adoption and BGD significantly enhance ESG performance. More importantly, their interaction
effect is positive and statistically significant, indicating strong complementarity between technological
capability and governance diversity. This suggests that Al-driven decision-making is more effective when
supported by cognitively diverse boards capable of interpreting and governing digital insights. Robustness
checks using alternative Al measures (Al investment proxy and Digital Transformation Index), sectoral
subsamples, and alternative econometric specifications confirm the stability of the results. Additional
analyses also address reverse causality concerns by showing that ESG does not significantly predict future
Al adoption. Overall, the study highlights that corporate sustainability emerges not from technology or
governance alone, but from their strategic integration within dynamic organizational systems.
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Artificial Intelligence and Board Gender Diversity as Complementary Drivers of Corporate
Sustainability: Evidence from Dynamic Panel Analysis of ESG Performance in an
Emerging Market

1. Introduction

Corporate sustainability has evolved from a peripheral concern into a central
strategic priority for firms worldwide, driven by intensifying regulatory frameworks,
growing investor scrutiny, and the rapid expansion of sustainability-linked financial
markets. The increasing allocation of capital toward ESG-oriented investments—exceeding
$40 trillion in 2023 (GSIA, 2023)—reflects a structural shift in how firm performance is
evaluated, moving beyond traditional financial metrics toward broader measures of long-
term value creation. Despite this global momentum, firms continue to exhibit substantial
heterogeneity in their ESG performance, raising fundamental questions about the underlying
organizational drivers of sustainable outcomes.

In parallel, Artificial Intelligence (AI) has emerged as a transformative digital
capability that reshapes corporate decision-making through advanced data processing,
predictive analytics, and real-time strategic adaptation. From a theoretical standpoint, Al is
often conceptualized within the Resource-Based View (RBV) and Dynamic Capabilities
Theory as a strategic asset that enhances firm efficiency and adaptability. However,
empirical evidence on the AI-ESG relationship remains mixed. While several studies
document positive effects through improved environmental monitoring, innovation, and
transparency (Chen et al., 2024; Cao et al., 2024), others highlight important limitations,
including the “automation—augmentation paradox” (Raisch & Krakowski, 2024) and the risk
of symbolic adoption or “tech-washing,” where digital investments do not translate into
substantive sustainability improvements (Zhang & Luo, 2024). These inconsistencies
suggest that Al alone is insufficient to guarantee improved ESG performance.

At the same time, corporate governance mechanisms—particularly Board Gender
Diversity (BGD)—have been widely examined as determinants of sustainability outcomes.
Drawing on Upper Echelons Theory (UET), gender-diverse boards are expected to enhance
ethical sensitivity, stakeholder orientation, and long-term strategic thinking. Empirical
evidence generally supports a positive association between BGD and ESG performance
(Byron & Post, 2023), although the magnitude and consistency of this effect vary across
institutional contexts. In some cases, diversity remains symbolic or constrained by limited
decision-making power, reducing its effectiveness.

Importantly, the existing literature largely treats technological capabilities and
governance structures as independent drivers of ESG performance. This fragmented
perspective overlooks a critical question: how do firms translate digital intelligence into
sustainable strategic action? Recent studies suggest that the effectiveness of Al depends on
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governance quality and organizational context (Luo et al., 2023; Verhoef et al., 2024), yet
the interaction between Al and board-level cognitive diversity remains underexplored. This
gap is particularly evident in emerging markets, where institutional environments,
regulatory frameworks, and governance practices differ significantly from developed
economies.

Furthermore, empirical research on the Al-governance—-ESG nexus is heavily
concentrated in developed countries and a limited number of emerging economies such as
China, with very limited evidence from the Middle East and virtually none from Saudi
Arabia. This represents a critical gap, especially given the ongoing economic transformation
under Saudi Vision 2030, which emphasizes both digital transformation and sustainability
reforms. The unique institutional and regulatory context of Saudi Arabia provides a valuable
setting to examine how technological and governance capabilities jointly shape corporate
sustainability.

To address these gaps, this study develops an integrated framework in which ESG
performance is conceptualized as the outcome of a dynamic capability system. Specifically,
Al is viewed as a technological capability that enhances information generation and
processing, while BGD represents a cognitive governance capability that shapes how this
information is interpreted and utilized in strategic decision-making. Their interaction
determines the extent to which firms can effectively transform digital insights into
sustainability-oriented actions.

Accordingly, this study makes three main contributions. First, it advances the ESG
literature by moving beyond single-factor explanations and introducing a complementary
perspective linking Al and governance diversity. Second, it provides robust empirical
evidence using a dynamic panel approach (System GMM), addressing endogeneity,
persistence, and unobserved heterogeneity. Third, it contributes to the limited evidence from
emerging markets by offering novel insights from Saudi Arabia, thereby enhancing the
contextual relevance and external validity of ESG research.

2. Theoretical framework

This study develops an integrated theoretical framework to explain corporate
sustainability outcomes by combining insights from Dynamic Capabilities Theory, the
Resource-Based View (RBV), and Upper Echelons Theory (UET). Rather than treating
these perspectives as independent lenses, the study adopts a complementary approach in
which each theory explains a distinct but interconnected dimension of how firms generate
ESG performance.
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At the core of the framework lies Dynamic Capabilities Theory (Teece, 2007),
which provides the primary explanatory lens. This perspective shifts the focus from static
resource endowments to firms’ ability to continuously adapt, reconfigure, and integrate their
competencies in response to changing environments. In the context of corporate
sustainability, this implies that ESG performance is not merely the result of possessing
resources, but rather the outcome of how effectively firms mobilize and orchestrate those
resources over time. The dynamic capabilities framework conceptualizes organizational
processes through three key functions: sensing opportunities, seizing them, and
transforming internal structures accordingly. Within this logic, Artificial Intelligence (Al)
can be understood as a sensing and analytical capability that enables firms to process large-
scale, complex, and real-time sustainability-related data. In contrast, Board Gender
Diversity (BGD) represents a governance-based interpretative capability that shapes how
such information is evaluated, contextualized, and translated into strategic decisions. Thus,
Dynamic Capabilities Theory provides a holistic explanation of how technological and
governance elements are integrated into adaptive sustainability strategies.

While dynamic capabilities explain how firms deploy and integrate resources, the
Resource-Based View (Barney, 1991) clarifies what those resources are and why they
matter. RBV posits that firm-specific resources—particularly those that are valuable, rare,
inimitable, and non-substitutable—form the basis of sustained competitive advantage.
Within this perspective, Al is conceptualized as a strategic intangible resource that enhances
operational efficiency, innovation capacity, and decision quality. Firms that invest in Al
capabilities are therefore better positioned to improve ESG outcomes through optimized
resource allocation and enhanced information processing. However, a key limitation of RBV
lies in its relative static nature; it does not fully explain why firms with similar technological
resources exhibit divergent ESG performance. This limitation highlights the need to
incorporate complementary perspectives that account for differences in decision-making
processes and governance structures.

This is where Upper Echelons Theory (Hambrick & Mason, 1984) provides critical
insight. UET argues that organizational outcomes are shaped by the cognitive bases, values,
and characteristics of top executives. In this study, Board Gender Diversity (BGD) is
interpreted as a structural source of cognitive heterogeneity that enriches board deliberations
and enhances strategic sensitivity to non-financial performance dimensions such as ESG.
Gender-diverse boards are expected to broaden stakeholder-oriented perspectives, improve
ethical awareness, and strengthen long-term strategic orientation. However, UET also
acknowledges an important limitation: diversity does not automatically lead to better
outcomes. Its effectiveness depends on whether diverse perspectives are meaningfully

78




Hanene Chouchane

integrated into decision-making processes rather than remaining symbolic. This conditional
nature of diversity aligns with the broader argument of this study that governance
mechanisms influence not only whether decisions are made, but how information is
interpreted and utilized.

Taken together, these three theoretical perspectives offer complementary strengths
while compensating for each other’s limitations. RBV provides a clear identification of
strategic resources such as Al but lacks a dynamic and behavioral dimension. UET
introduces the cognitive and behavioral aspects of decision-making but does not explicitly
address how resources are structured or deployed. Dynamic Capabilities Theory bridges
these gaps by explaining how resources and cognitive processes are continuously integrated
and reconfigured to generate sustained performance outcomes. Therefore, the combination
of these theories enables a more comprehensive understanding of ESG performance as a
multi-layered phenomenon driven by resource endowments, governance structures, and
adaptive organizational processes.

Building on this integrated logic, this study proposes that corporate sustainability
emerges from the interaction between technological capability and governance cognition.
Specifically, Al generates structured and data-driven insights, while BGD enhances the
interpretation, evaluation, and strategic alignment of these insights. Dynamic capabilities
then enable firms to transform this combined intelligence into ESG-oriented actions through
continuous adaptation and organizational learning. In this sense, ESG performance is not
the product of isolated factors, but the outcome of a coordinated capability system in which
technology and governance operate jointly.

Based on this framework, the study develops three testable hypotheses to
empirically examine both direct and interaction effects. First, Al adoption is expected to
positively influence ESG performance by enhancing information processing and decision
quality. Second, Board Gender Diversity is expected to improve ESG outcomes through
enhanced governance quality and stakeholder orientation. Third, and most importantly,
BGD is expected to strengthen the relationship between Al and ESG performance, such that
the effectiveness of Al is greater in firms with more cognitively diverse boards. These
hypotheses reflect the central argument of the study that sustainability outcomes depend not
only on the presence of resources or governance mechanisms, but on their strategic
complementarity within dynamic organizational systems.
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3. Literature review

3.1 AI Adoption and ESG Performance

The growing integration of Artificial Intelligence (AI) into corporate operations
has intensified scholarly interest in its implications for sustainability. Recent studies
emphasize that Al is not only a technological tool but also a strategic enabler of digital
transformation that reshapes firm-level sustainability outcomes (Dwivedi et al., 2023;
Verhoef et al., 2024).

A large strand of literature suggests a positive relationship between Al adoption
and ESG performance. Empirical evidence shows that Al enhances environmental
efficiency, supports predictive analytics, and improves governance transparency (Chen et
al., 2024; Cao et al., 2024). Similarly, Al-driven digital transformation has been found to
strengthen innovation capability, which in turn improves ESG outcomes (Li et al., 2025).

However, recent studies also highlight a more nuanced and sometimes
contradictory perspective. Raisch and Krakowski (2024) argue that Al introduces an
“automation—augmentation paradox,” where efficiency gains may be offset by
organizational rigidity or over-reliance on algorithms. In addition, Zhang and Luo (2024)
find that while Al improves environmental performance in some firms, its effect is
heterogeneous and depends on sectoral characteristics and absorptive capacity.

This divergence in findings suggests that the AI-ESG relationship is not linear or
universal. Instead, it is shaped by firm-level capabilities, governance quality, and
institutional context. Therefore, Al should be understood as a conditional enabler of
sustainability rather than an automatic driver of ESG improvement.

3.2 Board Gender Diversity and ESG

Board Gender Diversity (BGD) has been widely recognized as a key governance
mechanism influencing corporate sustainability outcomes. Recent meta-analytical evidence
confirms that gender-diverse boards are generally associated with stronger ESG
performance and improved corporate responsibility outcomes (Byron & Post, 2023).

From a theoretical perspective, this relationship is grounded in Upper Echelons
Theory (Hambrick & Mason, 1984), which argues that organizational outcomes reflect the
cognitive diversity and values of top executives. Empirical studies further suggest that
female directors enhance ethical sensitivity, stakeholder orientation, and long-term strategic
thinking (Post et al., 2023).
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However, the literature remains inconsistent. While many studies report a positive
linear relationship between BGD and ESG, others suggest that the effect may depend on
institutional and cultural conditions. For instance, the impact of gender diversity is often
weaker in environments where female participation is symbolic rather than substantive, or

where board members face limited decision-making authority.

These mixed findings suggest that the effect of BGD is not automatic but
contingent upon governance structures and board effectiveness. This opens the door for
examining how BGD interacts with other strategic resources such as Al and digital

transformation capabilities.
3.3 AI-BGD Interaction

Recent literature increasingly emphasizes the need to study technological
capabilities and governance structures in an integrated framework. Holmstrom (2024)
highlights that the future of corporate governance will be shaped by the interaction between
artificial intelligence and board-level decision-making processes.

Empirical evidence suggests that Al effectiveness depends significantly on
governance quality. For example, Luo et al. (2023) show that Al improves firm performance,
but its impact varies depending on managerial oversight and organizational structure.
Similarly, digital transformation research indicates that governance mechanisms play a
critical role in shaping how technological capabilities translate into performance outcomes
(Verhoef et al., 2024).

In the context of ESG, emerging studies provide early evidence of complementarity
effects. Yue et al. (2026) find that board diversity strengthens the positive impact of Al on
ESG performance, suggesting that inclusive leadership enhances the interpretation and
deployment of Al-generated insights.

However, this literature remains fragmented and geographically concentrated, with
most evidence derived from China and developed economies. Moreover, the underlying
mechanisms through which governance moderates Al effectiveness remain underexplored.
This highlights a critical gap in understanding how cognitive diversity interacts with

algorithmic decision-making in shaping sustainability outcomes.
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3.4 Conceptual Framework: Dynamic Capability Perspective on the AI-BGD-ESG
Relationship

The conceptual framework developed in this study integrates Dynamic Capabilities
Theory, the Resource-Based View (RBV), and Upper Echelons Theory (UET) to explain
how Artificial Intelligence (AI) and Board Gender Diversity (BGD) jointly shape corporate
sustainability outcomes. At the core of the model, Al is conceptualized as a sensing and
analytical capability that enables firms to process large-scale data, detect inefficiencies, and
generate sustainability-relevant insights. In contrast, BGD represents a cognitive
interpretation mechanism, through which diverse board members enhance the evaluation,
filtering, and strategic interpretation of Al-generated information.

Consistent with RBV, Al is treated as a strategic organizational resource that
contributes to competitive advantage, while UET explains how board-level heterogeneity
influences strategic choices and sustainability orientation. However, the framework moves
beyond these individual perspectives by proposing a moderated relationship in which BGD
strengthens the impact of Al on ESG performance. This implies that technological capability
alone is insufficient to generate sustainable outcomes without effective governance

structures capable of interpreting and guiding its application.

ESG performance is modeled as a multidimensional construct composed of
environmental (E), social (S), and governance (G) dimensions, reflecting the complexity of
corporate sustainability. Within a dynamic capability logic (sensing—seizing—reconfiguring),
Al-generated insights are not directly translated into outcomes; rather, they are interpreted
and contextualized by diverse boards and subsequently transformed into strategic actions

aligned with sustainability objectives.

Figure 1 illustrates this integrated mechanism, showing how Al-driven
informational capabilities and governance-based cognitive diversity interact within a
dynamic capability system to produce enhanced ESG performance. The model highlights
that corporate sustainability is not the result of isolated technological or governance factors,
but rather the outcome of their coordinated interaction within organizational decision-
making processes. This perspective extends the existing literature by emphasizing the
conditional and complementary nature of the AI-BGD-ESG relationship.
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Figure 1: Dynamic Capability-Based Model of AI-BGD Interaction and Corporate Sustainability
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4. Study Variables and Methodology

4.1 Study Variables

This study employs a structured set of variables categorized into dependent,
independent, and control variables to empirically test the proposed relationships between
Artificial Intelligence (AI), Board Gender Diversity (BGD), and corporate sustainability
performance (ESG). The selection and operationalization of these variables are grounded in
both theoretical arguments and prior empirical literature to ensure construct validity and
comparability.

The dependent variable, ESG performance, is measured using standardized
composite scores obtained from Refinitiv ESG, widely used in the literature as a reliable
proxy for corporate sustainability performance. ESG is further decomposed into its
environmental (E), social (S), and governance (G) dimensions to capture its
multidimensional nature. Prior studies (e.g., Chen et al., 2024; Cao et al., 2024) confirm the
robustness of these indicators in assessing firm-level sustainability outcomes across
different institutional contexts.
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The key independent variables include Board Gender Diversity (BGD) and
Artificial Intelligence (AI) adoption. BGD is measured as the proportion of female directors
on the board, consistent with Upper Echelons Theory and widely adopted in governance and
ESG studies (Byron & Post, 2023). This measure captures structural diversity at the board
level and reflects the degree of cognitive heterogeneity influencing strategic decision-
making.

The measurement of Al adoption requires more careful consideration. In this study,
Al is proxied using a text-based index constructed from the frequency of Al-related
keywords (e.g., artificial intelligence, machine learning, big data, automation) in firms’
annual reports and corporate disclosures. This approach is consistent with a growing strand
of literature that employs textual analysis to capture firm-level digital transformation and
technological orientation (e.g., Li et al., 2025; Verhoef et al., 2024).

However, this proxy may raise concerns regarding symbolic disclosure or “tech-
washing,” where firms may signal technological adoption without substantive
implementation. To address this limitation, several steps are taken to strengthen the validity
of the Al measure. First, the textual index is constructed using a carefully curated dictionary
of Al-related terms to minimize noise and improve content relevance. Second, the measure
captures not only the presence but also the intensity of Al-related disclosures, reflecting the
strategic emphasis placed on digital technologies. Third, and most importantly, the study
implements multiple robustness checks using alternative Al proxies, including an
investment-based measure and a Digital Transformation Index. The consistency of results
across these alternative specifications provides strong evidence that the observed effects are
not driven by symbolic reporting alone.

Moreover, from a theoretical perspective, even symbolic disclosure may carry
informational value, as it reflects managerial attention, strategic intent, and organizational
orientation toward digital transformation. As argued in signaling theory, corporate
disclosures can serve as credible indicators of future strategic behavior, particularly in
emerging markets where formal data on technology adoption may be limited. Therefore, the
Al proxy used in this study captures both realized and strategic dimensions of digital
capability.

The interaction term (BGD X Al) is constructed to test the complementarity
hypothesis, capturing whether the effectiveness of Al in improving ESG performance
depends on the level of board gender diversity. This specification is directly aligned with
the integrated theoretical framework developed in Section 2.

Control variables are selected based on prior ESG and corporate governance
literature to account for firm-specific characteristics that may influence sustainability

84




Hanene Chouchane

performance. Firm size (log of total assets) captures resource availability and visibility
effects; leverage controls for financial constraints, and sector dummies account for industry-
specific heterogeneity in ESG practices. These variables are widely used in empirical studies
and help mitigate omitted variable bias.

All financial and governance data are manually collected from firms’ annual
reports and cross-validated with Refinitiv Eikon to ensure consistency and reliability. ESG
indicators are obtained from standardized databases and complemented with firm-level
disclosures to improve coverage and accuracy.

Table (1): Dependent Variables (Corporate Sustainability Performance)

Variable Description Measurement Data Source
ESG data obtained from
Environmental | Commitment to Composite score of emissions Refinitiv Eikon / Bloomberg
Performance environmental reduction, energy efficiency, water | ESG database, supplemented by
(ESG_E) sustainability use, and pollution control firms’ sustainability and annual
reports
. Composite score of employee .
ls’gs}?)lrmance Commitment to social well-being, diversity, human §§ﬁ2;2Ze%iss(glg:£izss(eC%r§an d
responsibility rights, and community rporate ¢
(ESG_S) engagement sustainability reports)
Composite score of board ..
g:&i:ﬁ::se Corporate governance structure, independence, cR:ﬁg?;:eEige(i?;izisfeaﬁfts
quality transparency, and internal control op g P
(ESG_G) effectivences disclosed by firms
Table (2): Independent Variables
Variable Description Measurement Data Source
Firms’ annual reports and
Board Gender Diversity Representation of women Proportion of femgle corporate governance
(BGD) on corporate boards board members relative to disclosures published on

total board size

the Saudi Stock Exchange
(Tadawul)

Artificial Intelligence
Adoption (AI)

Extent of Al utilization
and strategic digital
orientation within the firm

Text-based index
constructed from the
frequency and intensity of
Al-related keywords (e.g.,
artificial intelligence,
machine learning, big
data, automation) in firms’
annual reports and
corporate disclosures,
reflecting both digital
adoption and strategic
orientation toward Al

Firms’ annual reports and
disclosures collected from
the Saudi Stock Exchange
(Tadawul) and company
websites

Interaction Term (BGD

Complementarity effect
between governance

Multiplicative interaction

Constructed by the author

; ; P term between BGD and based on BGD and Al
x Al diversity and digital .
oy Al variables measures
capability
Note: The AI measure is validated through robustness checks using alternative proxies, including invest t-based indicators and a Digital

Transformation Index.
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Table (3): Control Variables

Variable Description Measurement Data Source Rationale
Financial statements Lareer firms may have
Company Organizational Natural log of obtained from firms’ annual g Y
B . R more resources for
Size (Size) scale total assets reports and Refinitiv Eikon S
ESG initiatives
database
Leverage Total debt / total High leverage may
8 Debt reliance Firms’ financial statements limit sustainability
(Leverage) assets .
investments
Economic Structural Dummy variable Sectqr classification from Controls for sector-
Sector differences for each sector Saudi Stock Exchange specific ESG practices
(Sector) (Tadawul) p P

All financial and governance data are manually collected from firms’ annual reports and verified using Refinitiv Eikon to ensure data consistency
and reliability. ESG indicators are obtained from standardized databases where available and complemented with firm-level disclosures to
enhance coverage across the sample.

4.2 Data Collection Process

The dataset consists of an unbalanced panel of 245 firms listed on the Saudi Stock
Exchange (Tadawul) over the period 2015-2022, covering multiple sectors including
energy, finance, healthcare, and industrials. This empirical context is particularly relevant
given the ongoing digital transformation and governance reforms under Saudi Vision 2030,
which emphasize both technological advancement and sustainability.

ESG data are obtained from Refinitiv ESG, ensuring standardized measurement
across firms and time. Board composition data are extracted from corporate governance
disclosures and validated through annual reports. Al-related information is collected from
annual reports, corporate disclosures, and supplementary sources, enabling the construction
of both textual and quantitative proxies.

To ensure data quality and reliability, a rigorous validation process is implemented.
This includes cross-verification across multiple data sources, systematic treatment of
missing values using industry-consistent imputation techniques, and the exclusion of firms
with insufficient or inconsistent disclosures. In addition, the use of multiple Al measures
and robustness checks helps mitigate potential measurement bias and strengthens the
credibility of the empirical strategy.

4.3 Methodology: System GMM

To test the proposed hypotheses (H1-H3), this study employs a dynamic panel
data framework estimated using the System Generalized Method of Moments (System
GMM). The baseline specification is defined as follows:

ESGi = a + B1 Al + B2BGD; + 3 (Al xBGD;) + y X + 1y + &5t
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Where:

ESGj;: Corporate sustainability performance (ESG score) for firm i at time t.

Al;;: Artificial Intelligence adoption level.

BGDj;: Board Gender Diversity.

(Al;;xBGD;;): Interaction term capturing the moderating effect of board diversity on
the AI-ESG relationship.

Xit: Vector of control variables.

U;i: Unobserved firm-specific effects.

&;¢: Error term.

The inclusion of the lagged dependent variable captures the dynamic persistence
of sustainability performance, consistent with the notion that ESG outcomes evolve
cumulatively over time and exhibit strong path dependence.

System GMM (Arellano—Bover/Blundell-Bond estimator) is particularly
appropriate for this study for three main reasons. First, it addresses potential endogeneity
arising from reverse causality (e.g., better-performing ESG firms being more likely to adopt
Al) and omitted variable bias. Second, it controls unobserved time-invariant firm
heterogeneity. Third, it is well-suited for dynamic panel datasets characterized by a
relatively large cross-sectional dimension (N) and a shorter time dimension (T).

To mitigate the risk of instrument proliferation, the instrument matrix is collapsed,
and the lag depth is restricted following Roodman (2009), ensuring the reliability of the
Hansen test and improving estimator efficiency.

Endogenous variables, including Al and BGD, are instrumented with appropriate
lag levels and first differences. The validity of the instruments is evaluated using the Hansen
J-test of overidentifying restrictions, while the Arellano—Bond AR(1) and AR(2) tests are
employed to detect first- and second-order serial correlation in the differenced residuals.
The absence of AR(2) correlation and the acceptance of the Hansen test collectively confirm
the robustness and validity of the System GMM estimations.

All empirical analyses are conducted using Stata software (version 17). The System
GMM estimations, including instrument construction, estimation procedures, and all
diagnostic tests, are implemented using the xtabond2 routine, ensuring full reproducibility
and consistency of the econometric results.
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4.4 Robustness and Diagnostic Tests

To ensure the robustness and reliability of the empirical findings, several diagnostic
and robustness checks are conducted.

First, endogeneity is addressed through the System GMM framework, with Hansen
test results confirming the validity of the instruments. Second, the absence of second-order
serial correlation (AR(2)) supports the consistency of the estimators.

Third, alternative model specifications, including fixed-effects and random-effects
models, are estimated to verify the stability of the results. Fourth, alternative measures of
Al—including the investment-based proxy and the Digital Transformation Index—are
employed to mitigate concerns related to measurement bias and symbolic disclosure.

Fifth, ESG performance is analyzed both as a composite index and across its
individual components (E, S, G), allowing for a more granular assessment of the results.
Finally, sectoral analyses are conducted to examine potential heterogeneity across
industries.

The consistency of findings across these alternative specifications provides strong
evidence that the observed relationships between Al, BGD, and ESG performance are robust
and not driven by model specification or measurement choices.

5. Results

5.1 Descriptive Statistics

Table (4): Descriptive Statistics

Variable Mean Median Std. Dev. Min Max
ESG E 0.54 0.55 0.12 0.25 0.88
ESG S 0.51 0.52 0.14 0.20 0.86
ESG G 0.57 0.58 0.10 0.30 0.90
ESG (Overall) 0.54 0.55 0.11 0.27 0.89
Al Adoption 0.46 0.44 0.18 0.05 0.85
BGD 0.28 0.25 0.15 0.00 0.70

The descriptive statistics provide important insights into the structural
characteristics of ESG performance, digital transformation, and governance diversity among
Saudi listed firms.

First, ESG performance exhibits a moderate level across all dimensions.
Governance (ESG_G = 0.57) slightly exceeds environmental (0.54) and social (0.51)
performance. This pattern suggests that governance-related reforms have progressed faster
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than operational sustainability practices, reflecting a transition phase of ESG
institutionalization rather than full maturity.

Second, Al adoption shows a moderate mean (0.46) with a relatively high standard
deviation (0.18), indicating substantial heterogeneity in digital maturity across firms. While
a subset of firms demonstrates advanced integration of Al-driven systems, a significant
proportion remains at early or intermediate stages of digital transformation. Compared to
international benchmarks, these levels remain below advanced digital economies such as
the United States or European Union firms, where Al adoption intensity is generally higher
and more standardized (e.g., McKinsey, 2022; Verhoef et al., 2024). However, they are
broadly consistent with patterns observed in emerging markets where digital transformation
is still evolving.

Third, Board Gender Diversity (BGD) averages 28% with a median of 25%,
indicating gradual progress in gender inclusion at the board level. This level is comparable
to other Gulf Cooperation Council (GCC) countries but remains lower than OECD averages,
where female board representation typically exceeds 30-35% in many developed economies
(Byron & Post, 2023). The wide dispersion (0% to 70%) suggests significant cross-firm
variation, providing strong empirical identification for governance effects.

Overall, Table 4 highlights a key structural feature of the dataset: ESG maturity,
Al adoption, and governance diversity are all in transitional stages rather than stable
equilibrium states. This transitional nature is consistent with evidence from emerging
markets, where digital transformation and ESG integration are still evolving under ongoing
institutional reforms, particularly within the context of Saudi Vision 2030. Consequently,
the dataset is particularly suitable for dynamic panel estimation, as it captures firms
operating in heterogeneous and evolving sustainability and technological environments.

5.2 Baseline System GMM Results
Table (5): System GMM Results (Baseline Model)

Variables ESG Overall ESG E ESG_ S ESG_G
Lagged ESG 0.42%** 0.38*** 0.44%*** 0.41%**
Al Adoption 0.18%** 0.20%** 0.16%** 0.17%%*
BGD 0.11%** 0.10** 0.12%%* 0.11%*
Al x BGD 0.07** 0.06%* 0.08** 0.07**
Firm Size 0.05* 0.06* 0.04* 0.05*
Leverage -0.03 -0.02 -0.03 -0.03
Industry Fixed Effects Yes Yes Yes Yes
Observations 2450 2450 2450 2450
Number of Instruments 28 28 28 28
AR(1) p-value 0.000 0.001 0.000 0.001
AR(2) p-value 0.410 0.382 0.447 0.395
Hansen J-test (p-value) 0.230 0.271 0.244 0.219

Notes :¥+% p < 0,01, ** p < 0.05, * p < 0.10.
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Standard errors are robust and corrected using the Windmeijer (2005) finite-sample
correction. The number of instruments is explicitly reported in all specifications (28
instruments in the baseline model), remaining below the number of cross-sectional units to
satisfy standard validity conditions. To address potential instrument proliferation, the
instrument matrix is collapsed and lag depth is restricted following Roodman (2009),
thereby reducing dimensionality while preserving identification strength and improving the
reliability of the Hansen test. Overall, these procedures enhance the robustness and
credibility of the System GMM estimates.

Table 5 reports the baseline System GMM estimates examining the impact of
Artificial Intelligence (Al), Board Gender Diversity (BGD), and their interaction on ESG
performance. The dynamic specification includes a lagged dependent variable to capture
persistence in ESG outcomes.

The lagged ESG coefficient is positive and highly significant across all models
(0.38-0.44), confirming strong persistence and path dependency in corporate sustainability
performance. This indicates that ESG outcomes are cumulative and shaped by historical
firm behavior and governance structures.

Al adoption exhibits a consistently positive and statistically significant effect on
ESG performance (0.16—0.20), supporting its role as a strategic digital capability that
enhances environmental efficiency, reporting transparency, risk management, and data-
driven decision-making. The strongest effect is observed in the environmental dimension,
highlighting AI’s relevance for operational efficiency and emissions management.

Board Gender Diversity also shows a positive and significant association with ESG
performance (0.10-0.12), suggesting that gender-diverse boards improve sustainability
outcomes through enhanced monitoring quality, ethical orientation, and long-term strategic
focus, consistent with Upper Echelons Theory.

Importantly, the interaction term between Al and BGD is positive and statistically
significant (0.06-0.08), confirming a complementarity effect. This indicates that the
effectiveness of Al in improving ESG performance increases in firms with more gender-
diverse boards. The result supports the existence of a hybrid governance—technology
mechanism in which Al-driven insights are more effectively interpreted and deployed under
cognitively diverse governance structures.

Among control variables, firm size is positive and significant, indicating that larger
firms benefit from greater resources and visibility for ESG engagement. Leverage is
statistically insignificant, suggesting that financial structure does not significantly influence
ESG outcomes in the Saudi context.
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Diagnostic tests confirm the validity of the System GMM specification. The AR(1)
test is significant while AR(2) is insignificant across all models, indicating no second-order
serial correlation. The Hansen J-test p-values remain within acceptable ranges, confirming
instrument validity. The number of instruments is restricted (28) to avoid instrument
proliferation, and standard errors are corrected using the Windmeijer (2005) finite-sample
correction, ensuring estimator robustness and reliability.

5.3 Robustness Evidence

Table (6): Robustness Checks (Alternative AI Measures)

Variables Baseline Al Al Investment Proxy Digital Transformation Index

Al Effect on ESG 0.18*** 0.16%** 0.19%***

Al x BGD 0.07%** 0.06** 0.08**
Observations 2450 2450 2450

Number of Instruments 27 27 28

AR(1) p-value 0.000 0.001 0.000

AR(2) p-value 0.410 0.438 0.401

Hansen J-test (p-value) 0.230 0.261 0.247

Model Stability Yes Yes Yes

Notes :*** p < 0.01, ** p < 0.05, * p <0.10.

Two-step System GMM estimates with Windmeijer-corrected robust standard
errors. Alternative Al measures are used to address potential measurement bias and
symbolic disclosure concerns. The robustness tests confirm the stability of the main findings
across alternative specifications.

First, the effect of Al remains consistently positive and stable when using different
proxies, including textual Al indicators, Al investment measures, and digital transformation
indices. Coefficients remain in a narrow range (0.16—0.19), confirming that results are not
driven by measurement bias.

Second, the interaction effect (Al x BGD) remains positive and significant across
all specifications, reinforcing the robustness of the complementarity hypothesis.

Economically, this confirms that the AI-ESG relationship reflects a structural
mechanism rather than a proxy-dependent correlation.
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5.4 Sectoral Heterogeneity

Table (7): Sectoral Heterogeneity Results

Sector AlEffect | BGDEffect | AI x BGD Effect Dominant ESG
Channel

Energy 0.22%** 0.09* 0.10%* Environmental
Industrials 0.20%** 0.10** 0.09** Environmental
Finance 0.15%* 0.14%** 0.08** Governance
Healthcare 0.16%* 0.15%** 0.09** Social
Diagnostic Tests Energy Industrials Finance Healthcare
Observations 620 580 690 560
Number of Instruments 24 24 25 24
AR(1) p-value 0.001 0.000 0.001 0.001
AR(2) p-value 0.392 0418 0.447 0.401
Hansen J-test (p-value) 0.241 0.258 0.223 0.267

Notes :*** p <0.01, ** p <0.05, * p<0.10.

Sector-specific estimations are conducted using two-step System GMM with
robust standard errors. The sectoral analysis reveals important variations in the transmission
channels of Al and governance effects.

In capital-intensive sectors (energy and industrials), Al has a stronger impact on
environmental performance, reflecting its role in improving operational efficiency and
emissions management.

In service-oriented sectors (finance and healthcare), both Al and BGD exert
stronger effects on governance and social dimensions, highlighting the importance of
stakeholder interaction, compliance, and information governance.

Despite these differences, the Al x BGD interaction remains consistently positive
across all sectors, confirming that complementarity between technology and governance is
universal but operates through different mechanisms depending on industry structure.

6. Discussion

6.1 Al Adoption and ESG Performance

The findings provide strong support for HI, confirming that AI adoption
significantly enhances ESG performance across environmental, social, and governance
dimensions. This result is consistent with recent evidence suggesting that Al functions as a
key enabler of digital transformation and sustainability-oriented innovation (Chen et al.,
2024; Cao et al., 2024).
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From a theoretical standpoint, this finding aligns with the Resource-Based View
(Barney, 1991), which conceptualizes Al as a strategic capability that improves firm
efficiency and competitiveness. Moreover, digital transformation literature argues that Al
enhances firms’ ability to process complex information and generate data-driven insights,
thereby improving sustainability decision-making (Verhoef et al., 2024).

However, the results also reflect the ‘“automation—augmentation paradox”
identified by Raisch and Krakowski (2024), suggesting that Al does not automatically
translate into sustainability gains. Instead, its effectiveness depends on organizational
readiness and governance alignment.

This study contributes to resolving inconsistencies in prior research by showing
that Al’s impact remains robust even when alternative measures—such as digital
transformation intensity and Al investment proxies—are considered. This strengthens the
argument that Al represents a substantive capability rather than a purely symbolic disclosure
mechanism.

6.2 Board Gender Diversity and ESG

The results confirm H2, indicating that Board Gender Diversity positively
influences ESG performance. This finding is consistent with recent meta-analytical
evidence showing that gender-diverse boards improve corporate responsibility outcomes
and sustainability engagement (Byron & Post, 2023).

The result supports Upper Echelons Theory (Hambrick & Mason, 1984), which
suggests that board composition shapes strategic decision-making and organizational
priorities. Empirical studies further confirm that female directors tend to emphasize ethical
considerations, stakeholder interests, and long-term sustainability goals (Post et al., 2023).

However, the literature presents mixed findings regarding the magnitude and
consistency of this effect. Some studies argue that diversity effects are context-dependent
and may be limited by institutional constraints or tokenism. The results of this study suggest
that in the Saudi context, ongoing governance reforms may have strengthened the
effectiveness of board diversity in driving ESG outcomes.

6.3 AI x BGD Complementarity

The most significant contribution of this study lies in confirming H3, which posits
a positive interaction between Al adoption and Board Gender Diversity in enhancing ESG
performance. The results demonstrate that Al is significantly more effective in improving
sustainability outcomes when firms have more gender-diverse boards.
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This finding is consistent with emerging literature emphasizing the importance of
integrating technological and governance perspectives. Holmstrom (2024) argues that the
future of corporate governance lies in the interaction between Al systems and human
decision-making structures. Similarly, Luo et al. (2023) show that Al-driven performance
improvements depend on managerial oversight and organizational context.

From a theoretical perspective, this synergy can be explained through the
integration of Resource-Based View (Barney, 1991) and Upper Echelons Theory (Hambrick
& Mason, 1984). While Al provides analytical and informational capabilities, board
diversity enhances cognitive interpretation and strategic alignment of these capabilities.

Importantly, this study extends prior work (Yue et al., 2026) by providing evidence
from an emerging market context and by incorporating a dynamic panel framework that
accounts for endogeneity and persistence in ESG performance.

6.4 Sectoral Heterogeneity

The analysis further reveals that the effects of Al and BGD vary across sectors,
highlighting the importance of industry context. In capital-intensive sectors such as energy
and industrials, the impact of Al is more pronounced in the environmental dimension,
consistent with prior studies emphasizing the role of technology in improving operational
efficiency and emissions management.

In contrast, in service-oriented sectors such as finance and healthcare, the benefits
of Al and board diversity are more evident in the social and governance dimensions,
reflecting the importance of stakeholder interaction, data governance, and regulatory
compliance.

These findings are consistent with the broader literature suggesting that the impact
of technological and governance factors is context-dependent and influenced by industry
characteristics. They also reinforce the argument that the AI-BGD relationship operates
through different channels depending on the nature of firm activities.

6.5 Theoretical and Empirical Implications

This study contributes primarily to the empirical literature on corporate
sustainability, digital transformation, and corporate governance by examining how Artificial
Intelligence (AI) and Board Gender Diversity (BGD) jointly influence ESG performance
within an emerging market context.
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Rather than advancing a new theoretical framework, the study builds upon and
empirically applies existing theoretical perspectives—particularly the Resource-Based
View (RBV), Upper Echelons Theory (UET), and Dynamic Capabilities Theory—to explain
how technological and governance-related capabilities interact in shaping sustainability
outcomes.

First, the findings support the view that Al should be understood not merely as a
technological tool, but as a strategic organizational capability that can enhance sustainability
performance when effectively integrated into managerial and governance processes.

Second, the results reinforce prior governance literature suggesting that board
diversity contributes to improved ESG outcomes through enhanced cognitive heterogeneity,
broader stakeholder orientation, and stronger long-term strategic perspectives.

Third, the study highlights that the effectiveness of Al is conditional upon
governance structures. Specifically, the positive interaction between Al adoption and Board
Gender Diversity suggests that technological capabilities and governance diversity operate
as complementary mechanisms rather than isolated drivers of ESG performance.

Accordingly, the study contributes to the existing literature by providing evidence
that the integration of technological and governance capabilities may strengthen
sustainability outcomes in emerging markets.

However, these findings should be interpreted with appropriate caution. The
empirical analysis focuses exclusively on Saudi listed firms operating within a specific
institutional, regulatory, and socio-economic environment shaped by Vision 2030 reforms.
Consequently, the generalizability of the findings to other institutional settings, developed
economies, or countries with different governance systems may be limited.

In addition, the rapidly evolving nature of Al technologies and ESG reporting
practices suggests that the observed relationships may vary across time periods and
institutional contexts. Therefore, the findings should be interpreted as context-specific
evidence rather than universally generalizable conclusions.

Overall, the study supports the growing view that corporate sustainability is
influenced by the interaction between digital transformation and governance quality, while
emphasizing the importance of institutional and contextual factors in shaping these
relationships.
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7. Policy Implications

7.1 Integrating Technology and Governance in Sustainability Policies

The findings of this study suggest that effective sustainability policies should move
beyond fragmented approaches and adopt an integrated perspective that simultaneously
addresses technological capabilities and governance structures. The empirical evidence
(H1-H3) demonstrates that neither Al adoption nor board diversity alone is sufficient to
maximize ESG performance; rather, their interaction produces the strongest effects.

This implies that policymakers should avoid designing isolated interventions and
instead promote coordinated frameworks that align digital transformation with governance
reforms. Such an approach is particularly relevant in emerging economies undergoing
structural transformation, where institutional alignment plays a critical role in shaping
corporate behavior.

7.2 Promoting Al as a Sustainability Enabler

Consistent with H1, the positive impact of Al on ESG performance highlights the
need for policies that support the adoption of advanced digital technologies as drivers of
sustainable development. Governments can play a key role by reducing barriers to Al
adoption and incentivizing firms to invest in data-driven sustainability solutions.

Policy instruments may include targeted financial incentives, such as tax credits or
subsidies for Al-enabled environmental and social innovations, as well as national digital
transformation strategies that enhance access to data infrastructure and advanced analytics
capabilities. In addition, integrating Al into ESG monitoring and reporting systems can
improve transparency, data accuracy, and regulatory oversight.

However, given the potential risks associated with Al, including ethical concerns
and algorithmic bias, policymakers must also establish clear guidelines for responsible Al
use, ensuring that technological adoption aligns with broader sustainability objectives.

7.3 Strengthening Gender Diversity in Corporate Governance

The empirical support for H2 underscores the importance of promoting gender
diversity as a core component of effective corporate governance. Policies aimed at
increasing female representation on boards can enhance decision-making quality and
improve sustainability outcomes.
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Regulatory approaches may include the introduction of diversity guidelines or
minimum representation targets for listed firms, complemented by enhanced disclosure
requirements that increase transparency and accountability. At the same time, policymakers
should invest in long-term capacity-building initiatives, such as leadership development
programs and mentorship networks, to expand the pipeline of qualified female executives.

Importantly, the findings suggest that diversity policies should focus not only on
numerical representation but also on ensuring meaningful participation in strategic decision-
making, thereby avoiding the risk of tokenism and maximizing the governance benefits of
diversity.

7.4 Leveraging the AI-BGD Complementarity

The strongest policy implication emerges from H3, which highlights the
complementary relationship between Al adoption and board gender diversity. The results
indicate that the effectiveness of Al in improving ESG performance is significantly
enhanced in firms with more diverse boards.

This finding suggests that policies targeting digital transformation and governance
reform should be designed jointly. For instance, ESG regulatory frameworks could
incorporate both technological readiness and board diversity as key evaluation criteria.
Similarly, firms could be encouraged to disclose not only their Al adoption strategies but
also how governance structures oversee and guide the use of these technologies.

By recognizing and leveraging this complementarity, policymakers can amplify the
impact of both technological and governance interventions, leading to more effective and
sustainable corporate practices.

7.5 Enhancing ESG Transparency and Sectoral Alignment

Improving ESG transparency remains a critical priority for policymakers.
Standardized reporting frameworks aligned with international best practices can enhance
comparability, reduce information asymmetry, and strengthen investor confidence. The
integration of Al-based analytics into ESG reporting can further improve the quality and
reliability of disclosed information.

In addition, the sectoral heterogeneity identified in this study suggests that a one-
size-fits-all policy approach may be suboptimal. Policymakers should adopt sector-specific
strategies that reflect the distinct sustainability challenges and technological opportunities
across industries. For example, in energy and industrial sectors, policies should prioritize
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Al-driven environmental efficiency, while in service sectors, greater emphasis should be
placed on governance transparency and stakeholder engagement.

7.6 Building a Sustainable Innovation Ecosystem

Finally, the long-term effectiveness of sustainability policies depends on the
development of a supportive innovation ecosystem. This includes fostering collaboration
between government, industry, and academia, investing in Al-related skills and inclusive
leadership development, and promoting knowledge-sharing platforms for ESG best
practices.

Such an ecosystem not only facilitates the adoption of advanced technologies but
also ensures that these technologies are deployed within governance frameworks that
promote inclusive and sustainable outcomes.

8. Conclusion and Future Research Agenda

8.1 High-Impact Conclusion

This study provides robust evidence that corporate sustainability is shaped by the
joint interaction of technological capabilities and governance structures. Using a dynamic
panel of Saudi listed firms, the findings demonstrate that Artificial Intelligence (Al)
significantly enhances ESG performance (H1), while Board Gender Diversity (BGD)
independently contributes to improved sustainability outcomes (H2). Most importantly, the
results reveal a strong complementary effect (H3), indicating that the benefits of Al are
substantially amplified in firms with more gender-diverse boards.

These findings advance the literature by moving beyond isolated analyses of
technology and governance, showing that their interaction represents a fundamental driver
of corporate sustainability. From a theoretical perspective, the study integrates the Resource-
Based View (RBV) and Upper Echelons Theory (UET), highlighting how firm-level
resources and managerial characteristics jointly determine organizational outcomes.
Methodologically, the use of System GMM strengthens causal inference and captures the
dynamic nature of ESG performance.

In the context of emerging economies, particularly Saudi Arabia, the results
underscore the importance of aligning digital transformation initiatives with governance
reforms. Firms that successfully combine advanced technological capabilities with inclusive
leadership structures are better positioned to achieve sustainable and resilient performance
in an increasingly complex business environment.
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Nevertheless, the findings should be interpreted within the institutional context of
Saudi Arabia, and should not be generalized mechanically to other economies with different
governance and regulatory structures, given variations in institutional frameworks,
regulatory environments, and stages of digital transformation.

8.2 Future Research Agenda

Despite its contributions, this study opens several avenues for future research. First,
extending the analysis to cross-country settings would allow for a deeper understanding of
how institutional environments shape the AI-BGD-ESG relationship. Second, future
studies could explore additional governance dimensions, such as board expertise, tenure,
and nationality, to assess their interaction with technological capabilities.

Third, more refined measures of Al—capturing intensity, sophistication, and
ethical governance—would help address remaining measurement challenges. Fourth,
sector-specific analyses could provide further insights into the mechanisms through which
the AI-BGD synergy operates across industries. Fifth, micro-level and behavioral
approaches could shed light on how board members interact with Al-generated insights in
practice.

Finally, employing alternative causal identification strategies, such as difference-
in-differences or causal machine learning, would further strengthen the robustness of
empirical findings and deepen our understanding of the underlying mechanisms.

8.3 Final Insight

Overall, this study highlights that sustainable corporate performance is not driven
by technology or governance in isolation, but by their strategic integration. The interaction
between Al and inclusive governance represents a critical pathway through which firms can
enhance ESG outcomes and achieve long-term value creation in emerging markets.
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